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A rapid detection method for UAV-borne high-resolution SAR image targets

WANG Zhongbao, YIN Kuiying'
(Nanjing Research Institute of Electronics Technology, Nanjing 210039, China)
Abstract: Aiming at the limited space and resources of the UAV platform, the inaccurate target labeling and excessive cal-
culation amount of high-resolution SAR image detection, a rapid detection method for UAV-borne high-resolution SAR image
targets is proposed. Firstly, a bilateral filter is used to suppress the coherent speckle noise and non-uniform undulation inside
the target in the high-resolution SAR image. Then, a large-scale SLIC segmentation is performed, and a small-scale SLIC
segmentation is performed on the superpixel unit with under segmentation problem by analyzing the roughness of the superpix-
el unit. Finally, the over-segmented superpixel units are combined to obtain the target detection results. The experimental re-
sults show that this method can not only improve the detection efficiency of high-resolution SAR image targets, improve the

SAR image target extraction ability, but also help to find small targets that are easily missed by some manual methods, and

has good engineering application value.
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Fig. 3 Algorithm flowchart of this paper
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Fig. 4 High-resolution SAR images and artificial target labeling results

a) RIRUE 73]

b) AINRUE &5 5351

E5 SREBEGSEIER

Fig. 5 Multi-scale image segmentation results
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